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[ Abstract] Lung cancer is one of the most aggressive malignant tumors in the world, of which 80% ~85% of patients
have non—small cell lung cancer. Radiomics could obtained a large number of available image phenotypes by high—channel
data mining and integration. On the other hand, radioomics can make use of the advantages of information in benign and ma—
lignant nodules diagnosis, gene phenotype prognosis, clinical staging, efficacy assessment, and prediction of disease progno—
sis. This paper reviewed the clinical practice of radiomics in non—small cell lung cancer.
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